


Disclaimer

These results are not official statistics. They have been created for research purposes from 
the Integrated Data Infrastructure (IDI) and Longitudinal Business Database (LBD) which is 
carefully managed by Stats NZ. For more information about the IDI and LBD please visit 
https://www.stats.govt.nz/integrated-data/.

The results are based in part on tax data supplied by Inland Revenue to Stats NZ under the 
Tax Administration Act 1994 for statistical purposes. Any discussion of data limitations or 
weaknesses is in the context of using the IDI for statistical purposes, and is not related to the 
data’s ability to support Inland Revenue’s core operational requirements.



Research aims

• Aim 1: Estimation of gender, ethnic, and intersectional (gender-ethnic) pay gaps by industry 
in New Zealand over 2016 to 2022, using survey and administrative data

• Aim 2: Exploration of structural and contextual drivers of pay gaps

• Building on previous work on gender (Pacheco et al., 2019) and ethnic (Cochrane & 
Pacheco, 2022) pay gaps, our contribution is focus on industry level, exploration of an 
administrative data source, and examination of intersectional pay gaps

• This presentation reports results for:
• Gender pay gap: women vs. men

• Māori pay gap: Māori vs. Europeans

• Pacific pay gap: Pacific vs. Europeans

• Asian pay gap: Asians vs. Europeans



Data sources



Variables and sample selection 

• Variables defined the same in HLFS and IR:
• Pay: total real hourly earnings

• Industry: industry of main job at level 1 of ANZSIC (collapsed to 14 industries)

• Gender: male or female

• Ethnicity: administrative prioritisation into mutually-exclusive categories

                    Māori > Pacific > Asian > MELAA > Other > European

• Sample selection:
• Paid employees aged 16 to 64

• Trim top and bottom 1% of hourly earnings distribution

• In HLFS, to mitigate small cell sizes:
• Pool data over two years – 2016/17, 2017/18, 2018/19, 2019/20, 2020/21, 2021/22

• Collapse 19 ANSZIC codes to 14 industry groupings



Industry variable



Method

• Aim 1: Pay gap calculation uses mean earnings rather than median:

• Aim 2: Blinder-Oaxaca decomposition uses HLFS data pooled across all years (2016-2022) 
to apportion each pay gap into ‘explained’ and ‘unexplained’ components

• Explained component = portion of pay gap that is statistically accounted for by group differences 
in earnings-related characteristics

• Unexplained component = portion of pay gap not accounted for by such differences

• Components estimated by posing counterfactual question, “What would the pay gap be if women 
had the same characteristics as the pooled sample of women and men?”

• Heckman correction applied to account for selection bias



Method

• Earnings-related characteristics used in Blinder-Oaxaca decomposition:



Gender pay gap level and trend (HLFS)



Māori vs. European pay gap level and trend (HLFS)



Pacific vs. European pay gap level and trend (HLFS)



Asian vs. European pay gap level and trend (HLFS)



Gender pay gap – HLFS vs. IR



Gender pay gap for All industries – Blinder-Oaxaca decomposition (HLFS)



Māori pay gap for All industries – Blinder-Oaxaca decomposition (HLFS)



Pacific pay gap for All industries – Blinder-Oaxaca decomposition (HLFS)



Asian pay gap for All industries – Blinder-Oaxaca decomposition (HLFS)



Conclusions

• In 2022, Pacific pay gap = 18.8%, Māori pay gap = 14.6%, Asian pay gap = 10.2%, gender 
pay gap = 9.4%

• High-paying industries (e.g., Media & Finance, Professional Services) tend to have larger 
pay gaps, low-paying industries (e.g., Hospitality, Retail) tend to have smaller ones

• Overall (all industries), all gender and ethnic pay gaps have decreased over recent years 
(but Logistics industry stands out – all four pay gaps have increased)

• Admin data from Inland Revenue generates larger pay gaps than survey data (overall and 
for most industries), industry rankings similar for largest and smallest gaps

• Gender, Pacific, and Asian (all-industry) pay gaps are mostly unexplained, while Māori pay 
gap is mostly explained

• For gender pay gap, industry differences account for one-quarter of gap

• For Māori and Pacific pay gaps, educational differences account for one-fifth, and job-
related differences (especially occupation) account for one-third, of pay gaps
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